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ABSTRACT

This study investigates the use of mobile phoned t@blets for learning purposes among university
students in Vietnam. For this purpose, the reseiarbhsed on relevant technology acceptance literand
the Technology Acceptance Model (TAM) is proposedmnalyze the adoption of mobile devices and smart
phones by Vietnam students for accessing courseriaiat searching the web for information related t
their discipline, sharing knowledge, conductingigre®ents etc. Employing structural equation modglin
(SEM) technology, the model was assessed basdtkatata collected from 301 participants using aesur
guestionnaire. These results validate the poweFAi constructs and its appropriateness for predlicti
acceptance of mobile learning. Usefulness had itjeebt path coefficients and was a strong prediofor
behavioral intention and attitude to use and tlutsad use. The proposed TAM model also can impthee
understanding of students’ motivation by suggestivitat external factors are the most important in
enhancing students acceptance of mobile learning.

Keyword: Knowledge Translation, TAM, Mobile Learning, Vietm, ICT Education

1. INTRODUCTION Vietnam, the number of smartphone users accounted f
20% of the population of Vietham (17 million pecgle
Education is a key investment in human capital: No The reported statistics indicate significantly emsing
variable over the long run better explains economictrends among teenagers towards adopting mobile
success than investment in education. With devetppi services for use with the Internet applications.bi®o
world SIM connections exceeding 5 billion in 2012e use can offer great opportunities for improvingctéag
opportunity for Mobile Learning and Education to and learning processes among young students. Howeve
overcome barriers to traditional learning such asthe benefits gained from mobile services dependhen
accessibility and cost moves ever closer to becgrmain intention of students to use them for educational
reality. Mobile services are increasingly spreadamgl purposes. Technology Acceptance Model (TAM) which
dominating many aspects of our life worldwide. was originated in the area of information systehes
According to the Vietnam Internet Network Infornuati been widely used to examine examines the perceived
Center, Vietnam ranks 18/20 countries with thedatg usefulness and perceived ease of use as correléted
number of Internet users in the world, ranking #igh people's intention to use a system or technologwis)
Asia and ranks third in Southeast Asia with 31,382, 1989). Nowadays, (TAM) has been one of the popular
Internet users as of Dec 2013, 35.53% of the ptipula  research tools that can help to investigate suehiion
Recently, Vietnam ICT news is reported as the agunt and further identify the driving and motivating facs
with the highest percentage of mobile phone usetke for accepting different technologies. Present a
whole globe. According to Google's survey 2013 in framework of a contextual mobile learning system fo
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Asia Pacific universities environment. The proposed parsimony and explanatory power (Davis, 1989). TAM
system aims to help the students to learn in ttaily is rooted in the social psychology Theory of Reasbn
lives using mobile computing devices like tabletsR@d Action (TRA) (Ajzen and Fishbein, 1980). TRA
Smart Phones. The tipping point for the m-learning postulates that beliefs affect attitude, which uefices
industry has probably been reached (Adkins, 2008).intention, while intention in turn brings about befors.
Currently m-learning is increasingly used in mussum TAM adopts this belief-attitude-intention behavior
workplaces and classrooms for learners inside tgiger  relationship and posits that users’ IT acceptarcea i
the formal education systems, such as dropoutsttad function of two cognitive beliefs: Perceived easause
unemployed, enabling a wide spectrum of educationaland perceived usefulness (Davis, 1989). Perceiase e
possibilities (Attewell and Savill-Smith, 2003). &h of use refers to the degree to which a user beli¢vat
reviewed literature have provided important insginto using a particular service would be free of effort.
mobile learning adoption, but the issue still netdbe Perceived usefulness is defined as the degreeitth\ah
examined from other directions such as the individual perceives that using a particular systeould
innovativeness and anxiety and other external mlltu enhance his or her job performance (Davis, 1989).
factors. As mentioned earlier in this paper, thetam Further, perceived usefulness is influenced by geed
Internet Network Information Center is reportedtias ease of use. The key constructs of TAM have been
country with the highest percentage of mobile phonetested, refined and extended in various conterteshe
users in the whole globe. In spite of this widegttim of original publication (Liet al., 2008; Legrist al., 2003),
mobile phones, there is no published research towhich has resulted in a robust adoption model in
investigate the adoption of m-learning among Vietna particular for utilitarian systems. This researshbased
college students. This paper fills the gap in ttexdture on an extended TAM. TAM is selected based on its
by extending the classical TAM by adding the peredi  excellent reputation in terms of robustness and
mobility value, service quality, student readiness, explanatory power (Liu and Arnett, 2010). For more
perceived social interaction value and systeminformation on TAM interested reader is referred to
commitment to Vietnam students’ behavioral intensio Davis (1989) and Chun and Yang (2011). The two main
to use smartphones and tablets for educationaleges constructs upon which the model is built are pewxdi
As a result the paper sought to answer two keyusefulness and perceived ease of useritn 1, Davis
research questions. (i) What are the keys factors(1989) defined the two variables as follows:
motivating students’ intention to use m-learningf} (
Will TAM remain robust in the context of m-learnirig « Perceived Usefulness (U) is “the degree to which a

comparison with five additional structures? An person believes that using a particular system dvoul
investigation into the two research questions endirrent enhance his or her job performance”

study would help to identify the most influentiakcfor of + Perceived Ease of Use (EoU) is “the degree to which
m-learning adoption and probably of educational a person believes that using a particular system
information systems adoption. This paper is orgethias would be free of effort”

follows. In the next section, we briefly introdutiee m-

learning development in Vietham and its potenteatsl 2.2. Perceived Mobility Value (PMV)

challenges faced. Then, theoretical background thed ) , .
research model are presented, which is followedaby Itillustrates the end-users’ awareness of mobiétiue
detailed report on the results of the study. Tteeea during their studies of mobile learning. Sepand
results are discussed with a number of implicatiang ~ Alamaki (2003) claimed that the mobility value cains
conclusions. Finally, limitations of this study and convenience, portability and immediacy. Mobilitylwe

implications for future studies are discussed db we supports the users to access and check the infiormat
needed anywhere at any time through mobile devices.
2 THEORETICAL BACKGROUNDS The real-time data would be checked and gainedsif t
end-users have some geographical limitations, which
AND THE RESEARCH MODEL result in the inconveniences of being there. Puaittzer
2.1. Technology Acceptance Model (TAM) way, the mobility value solves some disabilitiesd an

guide users in a new learning situation without mvaad
Among all the adoption theories, TAM enjoys an where limitations (Huangt al., 2007). Thus, mobility
excellent reputation with regard to its robustness,value is valuable as a primary concern.
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Fig. 1. The Technology Acceptance Model (TAM)

In their study, the perceived mobility value isa&tbr of
individual that has an impact on users’ intentiord a
behaviors. The authors treated perceived mobiktye
as new variable in TAM and also proved their hypsth
as accepted in the researched area (Hehah, 2007).
Therefore, mobility value can be considered as ya ke

influence that has an impact on perceived usefalnes
perceptions and attitudes before

towards students’
adoption. Hence, the authors of this research Ingsite
that perceived mobility value affects perceived
usefulness positively:

H1: Perceived Mobility Value (PMV) has a positive
effect on Perceived Usefulness (PU).

2.3. Student Readiness (SR)

Student readiness is defined as a student’s selépton
of being capable to accomplish learning tasks.slt i
divided into two concepts: Mobile self-efficacy and
student commitment (internal). Mobile self-efficacy
newly defined for this research, is based uporgtreral
concept of self efficacy from Bandura (1982; 19@i
the concept of computer or web self efficacy
investigated by many researchers (Compeau an

Higgins, 1995; Park and Chen, 2007; Lopez and

Manson, 1997). Bandura (1982) defines self-efficasy
“people’s judgments of their capabilities to organand
execute courses of action required to attain deségh

types of performances” (p. 122) and proposes that
measures of self-efficacy should be adapted to the

specific behavior and psychological functioning end
consideration. Compeau and Higgins (1995) defifed t
construct of computer self-efficacy as an indivichia
perception of his/her ability to use a computerthie
accomplishment of a task. They developed a reliabtk
valid instrument to measure computer self-efficacy.
Student readiness is hypothesized in this resesttaty

to have a direct impact on usefulness and easseohis
well as an indirect impact on attitude and behalior
intention and thus, m-learning acceptance:
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H2: Student Readiness (SR) will be positively rediato
perceived usefulness of mobile learning.

H3: Student Readiness (SR) will be positively rdiato
perceived ease of use of mobile learning.

2.4. Quality of Service (Q0S)

Quality of service refers reliability and response,
content quality, personalization, privacy and sigur
Many of these concepts are derived from HCI and
usability research (Nielson, 1993; Kuetral., 2003) and
IS success models (Delone and Mclean, 1992 eRali,
2002). Other concepts are derived from serviceiyual
research that was adapted for the Internet andvtie
such as SERVQUAL (Parasurametnal., 1994) and its
derivatives such as E-S-QUAL (Parasuraneinal.,
2005) and WebQual (Barnes and Vidgen, 2002). All of
these variables can act as either inhibitors alitiators
of acceptance and use. Lin and Wu (2002) used enlin
service quality “OSQ” as an antecedent to usefunes
and ease of use in TAM. OSQ consisted of infornmatio
content (i.e., easy to understand text, graphits,),e
customization (i.e., personalized service to undeis
he customer’'s needs), reliability and response.,(i.
isplay/transmission/service correctly and in time,
online service and problem solving) and securitg. (i
security of transmission and privacy protection).
Quality of service is hypothesized to have an ieckir
impact on behavioral intention and thus acceptasfce
mobile learning through being a direct anteceddnt o
ease of use and usefulness:

H4: Quality of Service (QoS) will be positively atéd
to perceived usefulness of mobile learning.

H5: Quality of Service (QoS) will be positively atéd
to perceived ease of use of mobile learning.

2.5. Perceived Social Interaction Value (PSIV)

Perceived social interaction value has not bedrdes
before in the area of mobile learning but has apgubm
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other business and computer based areas. It is alstheir awareness of the system’s usefulness andafase
associated with the significant awareness value ofuse. This research proposes that the university
students interviewed, which helped gather inforavati commitment construct and dimension indirectly
needed for questionnaire construction. Lee and Tsajnfluence the acceptance of mobile learning through
(2010) proposed a theoretical research model byease of use and usefulness. This research proposes
combining the Technology Acceptance Model and that the university commitment construct and
theory of Planned Behavior Model, which consists of 4imension indirectly influence the acceptance of
experience, Human Computer Interaction, Social
Interaction and Perceived Enjoyment in computer
based gaming. In this study, Social Interaction is H7: System Commitment (SC) will be positively relat
considered both a key factor incorporated in TAM to perceived ease of use of mobile learning.

model and an external variable, in order to test th Hg: System Commitment (SC) will be positively reldt
hypothesis on usefulness towards acceptance. o perceived usefulness of mobile learning.
Dickingeret al. (2008) analyzed the effect of peers on

individuals' adoption behavior of a new Voice over Several testable statements, or hypotheses, can be
Internet Protocol (VoIP) service based on Generaldrawn from the theoretical framework. Based on
Packet Radio Service (GPRS) or Enhanced Data rateiypotheses used to study the acceptance of mobile
for GSM Evolution (EDGE). This study exemplifies |earning are presented next. These research hygesthe
that the users are not being limited to one-to-onewill test relationships external to the TAM moded a
communication but still prefer one-to-many social these relationships have been validated in numerous
interaction (Dickingeret al., 2008). The result shows studies as presented earlier. They will also inget

that a high degree of social interaction value play external dimensions related to mobile learning anl
significant role on users’ perception of usefulness depicted irFig. 2.

mobile learning through ease of use and usefulness:

H6: Perceived Social Interaction Value (PSIV) has a 3. RESEARCH METHODOLOGY

positive effect on Perceived Usefulness (PU) N
In order to assess the research model, a questienna

2.6. System Commitment (UC) was (_jesigr_1ed to collect data._The scales used dn th
questionnaire were largely built upon the scope and
University commitment refers to the widely structure of previous studies. Constructs were oveds
studied concept of organizational support, or pased on seven-point Likers-scales ranging froongty
university support in this setting. University s@pp  disagree (1) to strongly agree (7). This reseaethices
consists of the dimensions of top managementare focused on university students, they accordingl
support, user training, technical user support,r use became the target group of the study. The sampke wa
involvement and product champion (Moore and collected from undergraduate students in five top
Benbasat, 1991; Park and Chen, 2007). TrainingUniversities in Ho Chi Minh city (Vietnam) in June
students how to effectively and properly use mobile 2013. A total of 310 responses were returned fr@® 3
learning technologies is important during both pre- participants giving a response rate of 96.9%. Eight
and post implementation. Several authors haveresponses were discarded due to being only partiall
provided evidence that the level of training posty completed. One response, which only has no answer o
influences the user’s beliefs about a system asagel the question about experience using mobile, was
subsequent usage behavior (Thompsbral., 1994; included in analysis as well. The respondents ctedi
Igbaria, 1990; 1993). Mobile learning’s most of 160 males and 141 females between 18 and 23 year
prominent benefit is that it offers convenient, old. The descriptive statistics of the sample &i@s in
anywhere/anytime learning and education (Little, Table 1. Among the respondents, 86% have already used
2006; Trifonova, 2003; Keegan, 2002). M-learning mobile phones for more than one year while most of
affords students ease of access to learning mégeria them (94.4%) use advanced mobile services at teast
mobility of both the learner and the learning mstisr per week. Most respondents (67.1%) have already
and devices and therefore greater conveniencedo thknown what m-learning is before the survey and 21.3
student. Training students on the system will eckan percent of them have even used m-learning before.
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Fig. 2. Research model
Table 1. Demographic information of participants
Demographic profile Frequency Percent (%)
Gender
Male 160 53.1
Female 141 46.9
Total 301 100.0
Length of time using a smartphone/total (year)
Less than 0.5 11 3.7
0.5-1 31 10.3
1-15 60 19.9
More than 2 199 66.1
Total 301 100.0
Frequency of using advanced mobile services (times per week)
Never 20 6.6
1-5 79 26.2
5-10 132 43.9
More than 10 70 23.3
Total 301 100.0
Experience
No answer 1 0.3
I do not know what m-learning is and never usdxbfore 98 32.6
| know what m-learning is, but never used it before 138 45.8
| know what m-learning is and used it before 64 21.3
Total 301 100.0
4. DATA ANALYSISAND RESULTS validity. Reliability was evaluated using the corsjpe

reliability values. Convergent validity indicatedet
; extent to which the measure of a construct that is
4.1. Data Analysis and Result theoretically related is also related in realitpn@ergent

All of the constructs in this study were examinad i validity can be evaluated using three criteria ssted
terms of reliability, convergent validity and disnmant by Fornell and Larcker (1981): (1) All indicatorcfar
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loadings should be significant and exceed 0.70, (2)model-fit indices, recommended values and restiltse
construct reliabilities should exceed 0.80 and (3)test of structural model fitness. A comparison bffia
Average Variance Extracted (AVE) by each constructindices with their corresponding recommended values
should exceed the variance due to measurementserror(Hair et al., 2010) indicates a good model fit.

for that construct. AVE should exceed 0.5 (Formeit

Larcker, 1981). Principal components extractionhwit 4.2. Structural Paths  Assessment  and
Varimax rotation was first conducted to extractefiv Hypothesis Test

factors using SPSS 20.0. The results show théteatis

fit their respective factors quite well. All the ctar
loadings are above the threshold of 0.7. As desdrih
Table 2, the Cronbach’s alpha values range from 0.773
to 0.93, with 9 research concepts (perceived ntgbili
value, student readiness, quality of service, peecke
social interaction value, system commitment, pemei

of easy to use, perceived of usefulness, attitodertd
and behavior intension) are satisfied internal
consistency reliability after refining scales: lafxr at

To test structural relationships, the hypothesized
causal paths were estimated and all seven hypathese
were supportedTable 5 shows these results, which
generally support the proposed model and illustkate
roles of usefulness in the model. The results shathe
important roles of Quality of service, student rieads
and system commitment in determining users’ inteTgi
to use mobile learning in VietnanT.able 5 gives a
graphical description of the results including path
coefficients and variances explained. Against

accelletabIeI Ie\;eI,TrGIS_ sc_:atlfs at g?]od Ire].\veld and 2 ab,nectations, perceived mobility value and peraive
excellent level. This Indicates that the data wereg,qs| jnteraction value no significant influencen o

coIIe_cted by all of nine scales are reliable fa @FA. _ perceived usefulness (PMV ——> PU, t = -0.365, pS}.
Confirmative factor analysis was then conducteagisi (PSIV -—> PU, t = -0.382, p>0.05) which indicatiat
AMOS 18.0. The Composite Reliability values (CR) hypotheses 1 and 6 are not supported. Furthermore,

and Average.Varlance Extracted (AVE) of all the Student readiness also no influence on perceivey @&a
constructs satisfy the recommended level of O._7Qal§d use (SR -—-> PEoU, t = -0.736, p>0.05), which imdc
respgctlvely, t_hereby indicating  good internal hypotheses 3 is not supported. The results hightigh
cons_lste_nc_y (Haiet "_"l 2010). . . important roles of system commitment in mobile

Discriminant validity can _be verified with the sqaa learning, it showed the greatest effect on perckive
root of the average variance extracted for eachysefyiness { = 0.6, p<0.001). Student readiness and
construct higher than any correlation between th'SQuaIity of service also effect on perceived usefan
construct and any other construct (Fornell and kerc (SR ---> PUB = 0.36, p<0.001), (Q0S ---> PB = 0.28,
1981). As shown ifrable 3, the square roots of AVE  p<0.001). The model also shows a significant effsfct
of all constructs are greater than the correlationquality of service on perceived easy of use, supmpr
estimate with the other constructs. This revealt th H5 (QoS ---> PEoUp = 0.45, p<0.001). H6 with the
each construct is more closely related to its own effect of system commitment on perceived easy efisis
measures than to those of other constructs andsupported (SC ---> PEolW = 0.44, p<0.001), which
discriminant validity is, therefore, supported ihist implies perceived easy of use as a mediating effact
study (Fornell and Larcker, 1981). The measurementthe relation between Quality of service and system
model fit was assessed by a Confirmatory Factorcommitment. In addition, we can also see the eftéct
Analysis (CFA). Seven common model-fit measures perceived easy of use on perceived usefulnessnddut
were used to estimate the measurement model jit: (1influence on Attitude toward (PEoU ---> PB,= 0.18,
Chi-square/degree of freedom (v2/df), (2) the p<0.001), (PEoU --->A,t=1.161, p>0.05).
goodness-of-fit index (GFI), (3) root mean squan®re Table 5 also illustrates the explanatory powers of
of approximation (RMSEA), (4) root mean square constructs. The model finds that perceived easysef
residual (RMR), (5) normed fit index (NFI), (6) non accounts for 36% of the variance in perceived ezfsy
normed fit index (NNFI) and (7) comparative fit @  use. Student readiness, quality of service, system
(CFI). As Table 4 shows, all the model-fit indices commitment and perceived easy of use, taken togethe
satisfy their respective acceptance criteria sugdes  explain 82% of the variance in perceived usefulnéss
the prior literature (Haiet al., 1998). Therefore, we can total, the model explains 70% of the variance in
conclude that the measurement model has good tfit wi behavioral intention to use mobile learning, whiuds
the data collectedTable 4 Also shows the common been shown to be a strong predictor of actual use.
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Table 2. The measurement model

Item Cronbach’s alpha Standardized factor loading CR AVE
PVM1 0.807 0.848 0.84 0.64
PVM2 0.729

PVM3 0.812

SR1 0.832 0.718 0.84 0.52
SR2 0.718

SR4 0.684

SR5 0.736

SR6 0.745

Qos1 0.810 0.842 0.90 0.60
QoS2 0.759

QoS3 0.807

QoS4 0.779

QoS5 0.741

QoS6 0.713

PSIV1 0.773 0.709 0.77 0.53
PSIV2 0.738

PSIV3 0.742

SC1 0.881 0.808 0.88 0.69
SC2 0.836

SC3 0.783

SC4 0.799

PU1 0.895 0.808 0.90 0.63
PU2 0.784

PU3 0.788

PU4 0.791

PU5 0.802

EoU1l 0.931 0.843 0.93 0.73
EoU2 0.889

EoU3 0.848

EoU4 0.874

EoU5 0.822

Al 0.886 0.831 0.89 0.72
A2 0.877

A3 0.842

BlI1 0.918 0.887 0.91 0.73
BI2 0.803

BI3 0.875

Bl4 0.874

Table 3. Correlation matrix and discriminant assessment

Variables Mean SD PMV SR QoS PSIV uc U EoU A
PMV 5.39 1.33

SR 5.50 1.28 0.740

QoS 5.16 1.49 0.693 0.68

PSIV 5.59 1.21 0.778 0.682 0.696

SC 5.67 1.27 0.769 0.675 0.687 0.910

PU 5.58 1.24 0.792 0.712 0.799 0.886 0.869

EoU 5.27 1.34 0.531 0.442 0.624 0.549 0.641 0.665

A 5.55 1.25 0.774 0.647 0.590 0.645 0.720 0.788 79.5

Bl 5.34 1.38 0.779 0.607 0.626 0.720 0.782 0.804 3.7 0.819
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Model fit indices TLI RMSEA
Recommended value >0.8 >0.9 >0.8 <0.08
(Hairet al., 2010)

Obtained 2.260 0.840 0.904 0.896 0.065
Table 5. Summary of hypothesis tests

Hypothesis Path coefficienB) C.R. (t-value) p H-test

H1: PMV ----> U -0.02 -0.715 0.715 Rejected
H2: SR ----> U 0.36 4.336 * Supported
H3: SR ----> EoU -0.06 -0.736 0.462 Rejected
H4: QoS ---->U 0.28 4.167 b Supported
H5: QoS ----> EoU 0.45 5.241 *x Supported
H6: PSIV ----> U -0.16 -0.682 0.702 Rejected
H7:SC ---->U 0.60 3.931 *x Supported
H8: SC ----> EoU 0.44 7.687 *x Supported
H9: EoU ----> U 0.18 3.455 *x Supported
H10: EoU ----> A 0.08 1.161 0.246 Rejected
H11: U ----> A 0.69 8.242 * Supported
H12: U ----> BI 0.48 5.957 * Supported
H13: A ---->BI 0.42 5.349 ** Supported
*p<0,001

5. CONCLUSION results showed that as more and more smartphoms, use
students in Vietnam enter interesting with the iserv
The results of this study suggest that the externalquality and direct supply from the university systelt
factors of student readiness, quality of servicel an also says that the preparation of student readgsacmo
university commitment are all determinants of mebil new technologies impact to perceived of usefulness.
learning acceptance. TAM factors of perceived Of these factors, system commitment and then
usefulness and perceived ease of use, validatedghr perceived usefulness is found to be the strongest
numerous other studies, were also determined to beleterminant of use intention. Hence, an improvenoént
significant determinants of mobile learning accapt&a  university system support and perceived usefuligss
The study revealed that the TAM construct usefidries  the key to the success of m-learning, as it witirpote
the most significant predictor of behavioral intentand  poth the attitude as well as the usage intentidms &
thus acceptancerigure 3 presents the final research , jine with the phenomenon that m-learning for
model. It presents the explanato_ry st_rength of thelanguage-studying purpose is popular in Vietnam, as
res_earch mOdel.aS well as the relatlon_sh|ps betm“ language capability is important for university dgats
variables investigated. Note that pe.rcel\‘/‘ed usefaris in Vietnam in their pursuit of advancement in sadi
a significant predictor of use intention, “82 parteof . .
perceived usefulness can be interpreted by studen?lnd n the|r future wor.k. . .
readiness, quality of service, system commitmerd an In this study, we find that percelyed mob|l!ty valu
' X ,does not affect the usefulness perceived. It'stioing to

perceived easy of use. In other words, studentssa that awareness of mobility for usefulness isiam
perception of usefulness is not mainly derived fram Y W ity tor usetu '
With flourished under the mobile phone, users are

positive feeling of easy of use (= 0.18), the main o
reason come from student readiness, quality oficerv always aware that mobility really useful at for moases

system commitment, specially from system commitmentincluding m-learning.  According to the resultsthis
with B = 0.6. In practice, we tend to interpret this firgd study, _the relationship betwee_n Perceived Som_al
as follows: The use of mobile phones, especiallprsm ntéraction  Value and Perceived Usefulness is
phones today has become easier for everyone.alsis insignificant. This corjtrz?\dlcts the result of pEvs
the reason why perceived easy of use didn't impactStudy conducted by Dickingest al. (2008). The reason
strongly on the perceived usefulness. Evidence ttrat for this might be that students consider sociadriattion
number of smartphone users accounted for 20% of the/alue is not important in mobile learning, sinceyttmay
population of Vietnam (17 million people). So thedy  already have other approaches to interact with lpeop
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Fig. 3. Research result

The relationship between perceived social intevacti to induce significant usability problems inhibiting-
value and perceived usefulness was rejected becaudearning adoption. This should largely be attrilbute
students show a weak willingness to use mobileagsvi the efforts from both mobile manufacturers andreay
to interact with classmates and others. The studawne content designers. In the Vietnam market, a nunatber
been inclined to face-to-face communication foradkxs  devices are specially designed for m-learning psepp
and this new form of interaction may cause uncetyai hence, the negative impact of technological restris,
and in adaptation especially in a study contexoupr such as a small screen size and cumbersome input
work and discussions are not paid much attention to routines, can, to a large degree, be alleviateso Ahere
Additionally, many students are not active enough t are widespread efforts to design learning softwamd
share their thoughts in real-time. materials in a manner suitable for handheld usAgea

In contrast to previous studies (let al., 2008; result, the feeling of ease of use is broadly peeck
Legris et al., 2003), a perception of ease of use has noamong students, which show up in the study as an
significant effect on m-learning attitude towardothl insignificant predictor of m-learning intention. Tome
that among all the latent variables measured, tkanm extent, the results also indicate that an inclusidn
value of perceived ease of use is much lower thhero mobile device manufacturers in the provision of m-

variables (PEoU = 5.27), as shown Timble 5. It learning products is a practical and flexible &gyt to
indicates, to some extent, a general feeling that m establish a prosperous m-learning market and thiis w
learning is not easy to use. Contrary to populdiebms help to tackle possible technological restrictioims

m-learning literature, technological restrictiom®® not  association with perceived ease of use. Basedsts oé
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the hypotheses and the hierarchical regressiorysieal as the sample frame in this study can decreaseffibet
on the TAM constructs, the final model was consedc  of mobile and computer literacy variances. Thiruis t
and explanatory powers were derived. The mobilestudy does not investigate actual usage but rather
learning acceptance model (MLAM) was validated and prediction of use through intention. Although tlisa
explained a significant portion of the variance in limitation, the causal link between intention arctual
behavioral intention to use mobile learning (R202467. behavior has been substantially empirically supgubrt
Thus the model developed in this study improves thethrough prior research (Venkatesh and Davis, 2000;
explanatory power of TAM. TAM2 investigated by Taylor and Todd, 1995; Davis, 1989). Finally, theearch
Venkatesh and Davis (2000) accounted for 40-60% ofmodel was limited to investigating the externaliatalies
the variance in usefulness perceptions and 34-52%eo as exogenous variables where they cannot act as
variance in usage intentions. In other studiesiamaes  mediators. This resulted in the exclusion of thastwct
explained in intention to use were 60% (Taylor @odd,  of ease of access from the predictive model. Noé, t
1995), 42% (Chau and Hu, 2001) and 43% (Chau and Huadoption is just a first step of m-learning success
2002). Additionally, the model explained 82% of the Vietnam; there is also a need to find out how tdkerthe
variance in usefulness, 36% of the variance in edse use of m-learning methods and technology continuous
use and 55% of the variance in attitude.

These results validate the power of TAM constructs 6. ACKNOWLEDGMENT
and its appropriateness for predicting acceptante o
mobile learning. Usefulness had the highest path Financial support from the Korea IT service
coefficients and was a strong predictor of behatior Foundation is gratefully acknowledged. This workswa
intention and attitude to use and thus actual ite.  also supported by the SNS Innovation Lab, Soongsil
relationship between ease of use and usefulness waldniversity, Business Administration department. The
confirmed (Davis, 1989); the other relationships successful completion of this paper would not hasen
within TAM were also confirmed. Student readiness possible without the guidance and support offergd b
influenced usefulness directly. Quality of servied several key individuals. Special thanks to Professo
system commitment all influenced both usefulness an Gwangyong Gim, for patiently examining our Empitica
ease of use directly. Study and providing precious comments and
suggestions. The authors would like to thank anangn
reviewers for their constructive comments.
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